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ABSTRAK

Nama . Rifgi Al Ghifary

NIM : 41520010023

Program Studi . Teknik Informatika

Judul Laporan Skripsi : Klasifikasi Sentimen Tweet tentang SiCepat dengan

Strategi Penyeimbangan Data

Dosen Pembimbing : Fauzi Nur Iman, S.Kom., M.Kom

Penelitian ini bertujuan membangun sistem Klasifikasi sentimen otomatis
terhadap tweet berbahasa Indonesia yang membahas layanan SiCepat. Sebanyak
15.000 data dikumpulkan melalui Tweet-Harvest dan diproses melalui tahap
preprocessing, stemming, dan pelabelan otomatis berbasis lexicon berbobot.
Masalah utama adalah ketidakseimbangan kelas, di mana tweet positif jauh lebih
banyak daripada negatif. Untuk mengatasinya, digunakan strategi penyeimbangan
seperti SMOTE, undersampling, dan kombinasi keduanya. Tiga algoritma
pembelajaran mesin yang diuji adalah Support Vector Machine (SVM), Naive
Bayes (NB), dan Logistic Regression (LR). Evaluasi dilakukan menggunakan
akurasi, precision, recall, F1-score, dan confusion matrix. Hasil menunjukkan SVM
dengan SMOTE memiliki Kinerja terbaik (akurasi 90,5% dan F1-score 0,907),
disusul Logistic Regression kombinasi (akurasi 89,2%). Naive Bayes cenderung
bias terhadap kelas mayoritas. Pendekatan kombinasi data dengan SVM terbukti
paling efektif dan direkomendasikan untuk implementasi analisis sentimen di
industri logistik.

Kata kunci: Analisis Sentimen, SMOTE, Logistic Regression, SVM, Naive Bayes,
Ketimpangan Kelas, SiCepat, Tweet-Harvest, Media Sosial
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ABSTRACT

Name . Rifgi Al Ghifary

NIM : 41520010023

Study Program . Informatics Engineering

Thesis Title - Tweet Sentiment Classification on SiCepat

Delivery Service Using Data Balancing Techniques

Counsellor : Fauzi Nur Iman, S.Kom., M.Kom

This study aims to develop an automatic sentiment classification system for
Indonesian-language tweets related to SiCepat delivery services. A total of 15,000
tweets were collected using Tweet-Harvest and processed through stages of
preprocessing, stemming, and automatic labeling based on a weighted lexicon. The
main issue encountered was class imbalance, where positive tweets significantly
outnumbered negative ones. To address this, balancing strategies such as SMOTE,
undersampling, and a combination of both were applied. Three machine learning
algorithms were tested: Support Vector Machine (SVM), Naive Bayes (NB), and
Logistic Regression (LR). The models were evaluated using accuracy, precision,
recall, Fl-score, and confusion matrix. Results show that SVM with SMOTE
achieved the best performance (90.5% accuracy and 0.907 F1-score), followed by
Logistic Regression with a combined balancing approach (89.2% accuracy). Naive
Bayes tended to be biased toward the majority class. Overall, the combined data
balancing approach with SVM proved to be the most effective and is recommended
for sentiment analysis implementation in the logistics industry.

Keywords: Sentiment Analysis, Machine Learning, Class Imbalance, SMOTE,
SVM, Logistic Regression, Naive Bayes, Twitter, SiCepat.
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