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ABSTRAK

Pengendalian persediaan merupakan suatu usaha untuk dapat meminimalisir
kelebihan ataupun kekurangan dari persediaan barang yang dibutuhkan.
Beberapa produk yang dihasilkan oleh PT. NK yaitu susu formula dan makanan
pendamping asi (MPASI). Tahapan perilisan yang harus dilakukan yaitu
kandungan nutrisi pada produk schingga dibutuhkan pengecekan secara
kimiawi di Laboratorium kimia. Salah satu hal yang harus selalu tersedia di
laboratorium kimia adalah reagent kimia. Sering terjadi kelebihan dan
kekurangan reagent kimia di gudang laboratorium kimia PT. NK karena belum
terkendalinya pemesanan. Sehingga diperlukan metode prediksi jumlah
pemesanan agar persediaan reagent kimia dapat terkendali. Penelitian ini
menggunakan metode machine learning dengan algortima simple linear
regression dan bahasa pemrograman Python. Setelah dilakukan pengolahan
data menggunakan metode CRISP-DM (Cross Industry Standard Process for
Data Mining), maka didapatkan hasil prediksi pemesanan 9 fast moving reagent
yaitu ethanol 9, nitric acid 10, petroleum benzene 7, combititran 3, diethyl ether
8, AgNO3 2, MPA 10, methanol 8, NaOH 3. Dengan nilai akurasi model sebesar
90.58%, sedangkan nilai ketepatan peramalan sebesar Mean Absolute Deviation
(MAD) 0.31, Mean Square Error (MSE) 0.27 dan Mean Absolute Percentage
Error (MAPE) 11.03%.

Kata Kunci : Persediaan, machine learning, simple linear regression, Python,
CRISP-DM (Cross Industry Standard Process for Data Mining), Prediksi.
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ABSTRACT

Inventory control is an attempt to minimize the overstock or insufficiency of the
inventory of goods. Some of the products produced by PT. NK are formula milk and
complementary foods (MPASI). One stage of the release procedure that must be
done is the nutritional content of the product so that chemical checks are needed at
the chemical laboratory. One of the things that must always be available in
chemical laboratories is chemical reagents. Often happen in the PT. NK chemical
laboratory warehouse, there are overstock or insufficiency of chemical reagents
because the order has not been controlled. So we need a prediction method for
ordering quantities so that chemical reagents inventory can be controlled. This
research use machine learning method with simple linear regression algorithm and
Python programming language. After processing the data using the CRISP-DM
(Cross Industry Standard Process for Data Mining) method, the results of a
prediction of 9 fast moving reagents are obtained namely ethanol 9, nitric acid 10,
petroleum benzene 7, combititrant 3, diethyl ether 8, AgNO3 2, MPA 10, methanol
8, NaOH 3. With a model accuracy value of 90.58%, while the value of forecasting
accuracy is Mean Absolute Deviation (MAD) 0.3 1, Mean Square Error (MSE) 0.27
and Mean Absolute Percentage Error (MAPE) 11.03%.

Keywords : Inventory, prediction, machine learning, simple linear regression
algorithm, Python.
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